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Abstract: Buzzword monitoring research is a very important task in Chinese language monitoring. At present, the top ten
and classified buzzwords in Chinese Newspaper released every year are extracted based on man-computer cooperation,
which consists of buzzword detection technology and experts selection. But the existing buzzword detection technology
has the following shortcomings: large statistical granularity, slow query, large amount of candidate buzzwords and high
proportion of "non-word" n grams. In view of the shortcomings of the existing technology, this paper proposes a data
storage solution with "day" as the cycle and using time series database InfluxDB, two buzzword detection models
comprising logistic curve fitting and abnormal rising segment recognition, and utilizing the phrase mining technology for
quality scoring and filtering of buzzword candidates. The comparison experiments show that the technology proposed in
this paper can achieve better results, significantly reduce the subsequent manual workload, provide more statistical
information of buzzword candidates and more efficient data query method.

Keywords: buzzword; time sequence database; curve fitting; identification of abnormal rising segment; quality phrases.
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